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Abstract: The stimulating work and determining for social mining of web data, the user interest for
individual and non-individual reference systems is an important task. The sharing of the knowledge between
the web users has become important in measuring the tradition of web data and marking the information in
many social websites as per the requirement of the user. This paper provides an alternative method as an
online application reference system for the performance analysis of semantic based methodology. It extracts
information from various web application sources and social websites. The information is extracted for the
different users to take a proper decision (uncertainty, qualitative and quantitative analyses and risk) at a
critical stage. The results of services with conservative web search engines are inadequate in the situation
(anomalies, security attacks) and simultaneously reducing the service discovery search space with the
attention of mathematical/statistical method to brief the text. The data repository is consisting common data
which is reached by the process of obtaining data from different web sources. The semantic data is collected
from the ontology based data source and draws it to the user with help of query processor constituent. An
online reference system is used to make references for a decision making process of the user. The
implementation process of this proposed work is helping the experimental process of an online application

reference system for the career guidance of a learner.

Keywords: Knowledge Management; Knowledge Extraction; Web Mining, Knowledge Management.

Introduction: Today the various websites use many social networks (such as Facebook, Orkut, LinkedIn
and What’s app) to share the huge amount of knowledge between several users from which they can take
significant decisions in different fields. For example in field of education, we are choosing the popular
college which conduct higher studies, finding the leading and special institution to pursue proposed work. It
can also recognize the latest requirement of concern for the learner’s recruitment. The wide scope of growth
in social web data makes and prepares various new methods, algorithms, events and approaches to measure

the large capacity of web data. It is done to recognize the hidden pattern and to quote the information among
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numerous web users. In present condition, the existing data is plentiful and requirements for the users are
not totally content due to various natures of the web data. The importance of database from a Semantic Web
perspective is evident from the multiple advantages and in different formats need a structure to make them
accessible. After all, the problem of recording a database into Semantic Web did not appear as a simple
workout of change from one sign ideal to different sign ideal. It is significant to recognize many
inspirations, problems and associating relations between relational databases and software skills, in order to
succeed a clear departure of goals and challenges like data integrity, referential integrity, or keyed data
access. The semantic web technologies and data from multiple heterogeneous sources play a dynamic role in
information removal and discovery of knowledge from the web papers. It proposes a typical storage for web
pages in an organized and structured manner in RDF (Reduced Description Framework format). The
methods are related to data extraction and the development of combine data for the field together determines
new knowledge. Main goal of semantic based method is to improve the quality and standard of interaction

among the web users.

Proposed Approach: The knowledge-based decision support system (KBDSS) is developing for immediate
scheduling in FMS (effectively subjective by the management tool concept). It is developing to deliver an
important operational regulator tool for an extensive choice of machining cells (where the high flexibility is
required, assistances of more efficient cell operation are required, flow control is better of tools). The paper

uses three knowledge-based models to ease the decision making process:

a. An expert production scheduling system,
b. A knowledge-based tool management decision support systems

c. A tool management fault diagnosis system.

The implementation of expert system (ES) used as a commercial expert system shell, Knowledge
Engineering System (KES) Production System (PS). The recent advancements in Knowledge based decision
support system(KBDSS) from different perspectives, especially in terms of the improvement of knowledge
management function through multiple knowledge levels, knowledge reuse, knowledge mobilization, critical

knowledge, knowledge chain management and knowledge integration are requisite.
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Figure 1: Architecture of KBDSS (Knowledge based decision support system)

KBDSS consists of three components:

A. Database repository
B. knowledge engine and query processor

C. Online recommendation system

A. Database Repository: A database repository is represents a logical group of data. Sometimes it also
represents data in physical grouping form but related to discrete databases. The data objects needed
to exist on several databases, so a repository is required to get together and is a collection of different
kind of data. It may be just the combination of data itself into some available place of storage or it
may also suggest some aptitude to selectively extract data. Repository databases are determined by
the repository engine, which achieves all transactions and regulates storage structure. The database
saves the space. Meta Data Services can sometimes remove redundant data definitions. For example,
it may store a single copy of a property value, even if that property value defines many object
versions. Sometimes, a single copy of a relationship can be stored in Meta Data Services, even if
many unrelated object versions have maintained the relationship. The Repository databases should
not be changed directly. An expert database programmer or administrator avoids changes because

you can introduce variations that the repository engine cannot manage.
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Figure 2: Block
Diagram of Data repository Management

B. Knowledge Engine and Query Processor Component: The Knowledge engine represents a
logical user interface and this is set to receive the query from the user and deliver it to the query
processor (where the natural language query is converted into SQL query). In this process of the
query conversion, the natural language queries are reprocessed by many stages, such as
morphological analysis, semantic analysis and mapping.

C. Online Recommendation System: The content used for semantic analysis is collected from
knowledge engine. The semantic data is interlinked with the fundamental structure of online
recommendation system which basically gives the various options to users. This system gathers
the information from various web resources and transforms it into common database repository.
The user uses various queries and provides appropriate online recommendation through the

interface of online recommender.
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Figure 3: General Architectural Diagram of Online Recommendation System
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Data Collection: We have collected the web data from educational sites. Meta data indexing is related with
Meta data which is based on the indexed incidence. The web content which is surfed by the most frequent
users is compared with the data which is collected from web. In this paper we are using MySQL Database
Server. There are certain tables which are going to be used. All the data coming and going out is through this
Schema. It keeps the complete records of users, their mails, their discussion and all the study stuff. The web
crawling process is used for the huge collection of web data and collection of the links. The web data is
collected from the web sources after that with the help of R-tool we can sort and organize for further
processing. The collected and processed web data is organized as groups of homogenous and well defined
data. After the sequence procedure, common data repository acts as a data pool from where the huge amount
of data is processed and kept stable for the fast retrieval of required information. In web document collection
process the data is prearranged according to content match. Here we can use the data extraction technique
with step by step process based on the correspondence in web data. We are also creating the web data on the
basis of many features like user profile, user blogs, user ratings and user logical data, collected from various
sources of the web data. Finally the data systematically integrated in data integration phase and stored in
shared data repository, which is also use as a data pool from which the query raised by the user is answered.
It also provides the details for analysis & design of tested results and performs comparative analysis of all

the semantic based approach.

Comparative Analysis of Performance of Generated SQL Results: The results are obtained by

submission of an online application in recommendation analysis system to measure the recall and precision.

Recall = number of relevant links retrieved / number of relevant links requested
Recall: Measure the ability of a system to present all attributes.

Precision = number of relevant link retrieved / total number of links retrieved
Precision: Measure the ability of a system to present only relevant attributes.

The measurement of precision and recall are used to measure the quality of an unordered set of retrieved
fields. We can measure the list of the rank, plot the precision with the recall after retrieving the semantic
fields. We then compute the average presentation over with selected domain with different number of related
documents with individual topic precision values. These are then interpolated to make collection of standard
recall levels (0 to 1 in increments of .1). The specific rules are used to interpolate the precision at standard
recall level. ‘i’ is used to show maximum precision obtained for topic (for any exact recall greater than or
equal to ‘i’. The SQL query is used to generate the relevant threshold for measuring the range of recall and
precision of each word pair generated in SQL. The high cut off range semantic values extract the relevant
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data from different web sources. This analysis gives SQL results to find the extracted data from different
web sources traversed, to make statement wise user query which is extracted in various web sources like

Facebook, Twitter and LinkedIn (used as primary sources of data).
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Figure 4: Effective range of Recall and Precision
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Figure 5: Effective accuracy of Social web sources statement wise

Results & Discussion:
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1. Firstly, the main objective of this research work is to providing knowledge among different users in
the web to take correct decision at a crucial stage. The proposed structure implements the online
recommender application for the learners’ career guidance that follows their advancement in

expanses and distance education environment.

2. Secondly, this research work the reliable knowledge is conveyed through online social network for

interaction among the various users on web.

3. An online application phase is held by examining the data from different web userswhich is used for

analysis and predicting the relevancy attained per statement.

4. And proposed online application of recommendation system is used to measure the different ranges
of accuracy also extract the semantic knowledge from the various sources of web.

Conclusion: In this research paper, we propose an application of an online recommendation system for

processing of decision support system in the ground of data is analyzed semantically. We also measure the
list of the rank plot the precision with the recall after retrieved the semantic fields. We computed the average
presentation over with selected domain with different number of related documents with individual topic
precision values are interpolated to collection of standard recall levels (0 to 1 in increments of .1). The SQL
query used to generate the relevant threshold for measuring the range of recall and precision of each word
pair in generated SQL. The high cut off range semantic values are extracted as the relevant data from
different web sources. Our analysis give SQL results to find and extract data from different web sources, it
also give traversed statement wise user query example like Facebook, Twitter, Linkedin (used as primary

sources of data).
Future Work:

1. This experimental work can be further extended for other web users in various places such as e-
commerce sites, business sites etc.

2. This experimental work can be improved with various precious output generated classification
techniques like Naive Bayesian Classifiers and SVM (Support Vector Machine).

3. The various types of algorithmic approaches are used by knowledge engine for retrieving the large
pool of stored semantic data for various types of web users and web sites.

4. In online Media system this proposed work is combined with the computational techniques for

extraction of knowledge which is also represent the approaches of knowledge reasoning.
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